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Abstract
Different pediatric physiologically-based pharmacokinetic (PBPK) models have been
described incorporating developmental changes that influence plasma drug concentrations.
Drug disposition into cerebrospinal fluid (CSF) is also subject to age-related variation and
can be further influenced by brain diseases affecting blood-brain barrier integrity, like menin-
gitis. Here, we developed a generic pediatric brain PBPK model to predict CSF concentra-
tions of drugs that undergo passive transfer, including age-appropriate parameters. The
model was validated for the analgesics paracetamol, ibuprofen, flurbiprofen and naproxen,
and for a pediatric meningitis population by empirical optimization of the blood-brain barrier
penetration of the antibiotic meropenem. Plasma and CSF drug concentrations derived
from the literature were used to perform visual predictive checks and to calculate ratios
between simulated and observed area under the concentration curves (AUCs) in order to
evaluate model performance. Model-simulated concentrations were comparable to
observed data over a broad age range (3 months–15 years postnatal age) for all drugs
investigated. The ratios between observed and simulated AUCs (AUCo/AUCp) were within
2-fold difference both in plasma (range 0.92–1.09) and in CSF (range 0.64–1.23) indicating
acceptable model performance. The model was also able to describe disease-mediated
changes in neonates and young children (<3m postnatal age) related to meningitis and sep-
sis (range AUCo/AUCp plasma: 1.64–1.66, range AUCo/AUCp CSF: 1.43–1.73). Our
model provides a new computational tool to predict CSF drug concentrations in children with
and without meningitis and can be used as a template model for other compounds that pas-
sively enter the CNS.
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Author summary
Developmental processes in children affect pharmacokinetics and should ideally be taken
into account when establishing drug dosing regimens. One way to incorporate develop-
mental differences is by making use of physiologically-based pharmacokinetic (PBPK)
models in which kinetic equations are used to describe drug disposition processes and
developmental biology. With these equations the absorption of drugs into the model, the
flow of drugs between different compartments (representing major organs/tissues), and
excretion from the model are predicted. PBPK models can also be used to describe drug
concentrations in different target tissues, which often correlate better with the clinical
effects. Here, we developed a generic pediatric PBPK model of drug disposition in the
cerebrospinal fluid (CSF), that was able to describe clinically measured drug concentra-
tions of several drugs in neonates and children. The model could be useful in predicting
CSF concentrations of other drugs in pediatric populations where clinical data is often
sparse or absent and by this means guide first-in-child dose recommendations.
Introduction
Growth and development significantly impact handling of drugs in children across the pediat-
ric age range. Simple linear bodyweight-based extrapolations from adult to pediatric doses
have resulted in toxicity or therapy failure [1]. Taking developmental changes of the processes
involved in drug disposition into account in dosing guidelines will lead to improved therapeu-
tic efficacy and safe exposure in children of different ages [2].
Physiologically-based pharmacokinetic (PBPK) modeling is an important tool to simulate
drug exposure and design dosing guidelines. PBPK models are compartmental kinetic models
in which physiological and drug-specific parameters are as much as possible separated [3].
Physiological parameters describe biological values and processes, and if sufficient data
describing developmental biology is available, they can be used to predict plasma drug concen-
trations in pediatric populations. By this means, PBPK models can guide first-in-child dosing
regimens for drugs of which pediatric clinical drug concentrations are scarcely available,
resulting in more focused, data-rich clinical trials. There are multiple examples of the success-
ful application of pediatric PBPK models in the drug development process [4].
PBPK models also allow predictions of drug concentrations in target tissues, which often
correlate better with the clinical effect. This is especially the case for organs like the brain that
are characterized by permeability-limited disposition of various drugs, leading to a significant
lag time between their peak plasma and tissue concentrations [5–7]. For drugs acting in the
brain, differences in blood and cerebrospinal fluid (CSF) dynamics, blood-brain barrier (BBB)
and blood-CSF barrier (BCSFB) permeability, brain and CSF compartment volumes, as well as
disease-mediated changes could influence the amount of drug entering the different parts of
the central nervous system and should be included to facilitate robust predictions.
Recently, brain PBPK models for adult populations were developed to allow predictions of
drug concentrations in brain parenchyma and CSF. For example, Gaohua et al. developed an
adult brain PBPK model consisting of 4 compartments, which was validated using measured
paracetamol CSF concentrations [8]. Yamamoto et al. used a different approach by first build-
ing a rat model that incorporated multiple brain and CSF compartments [9, 10]. Physiological
parameters were in turn adjusted in order to develop a human version [11]. Finally, they
extended this adult model into a morphine pediatric brain PBPK model. This model allowed
simulations of morphine extracellular fluid concentrations after traumatic brain injury in six
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children older than 2 years of age [12]. To become more widely accepted, pediatric brain
PBPK models should be validated with observed data of different drugs and more individuals
across the pediatric age range to increase confidence in the physiological parameters included.
In addition to the validation of a brain PBPK model for a relatively healthy pediatric popu-
lation, including pathophysiological changes associated with conditions known to affect brain
drug concentrations is important to demonstrate model performance in diseased children.
Meningitis is a severe condition that leads to impaired BBB and enhanced penetration of
drugs into brain and CSF, particularly in newborns and young children [13, 14].
The aim of our study was to describe drug CSF concentrations and describe the effects of
meningitis in children by developing and validating a generic pediatric brain PBPK model
based on different drugs that enter the brain by passive transfer. Our model provides a new
computational tool to predict CSF concentrations in children of drugs that undergo passive
transfer and it could serve as a good template for further extension to carrier-mediated trans-
port and disposition in different regions of the central nervous system.
Results
The full code of the pediatric PBPK model for paracetamol is available in Rstudio format (S1
File). Summary tables of physiological and drug-related parameters are reported in S1 Table
and S2 Table, respectively, and can be used to adapt the model to the adult situation and for
other drugs. The healthy pediatric brain model was built for paracetamol and subsequently val-
idated using the nonsteroidal anti-inflammatory drugs (NSAIDs) ibuprofen, flurbiprofen and
naproxen. BBB permeability of the antibiotic meropenem was optimized in an adult popula-
tion suffering from meningitis and subsequently simulations were performed for a pediatric
population with meningitis and sepsis (methods).
Building a healthy adult brain PBPK model using paracetamol
First, the adult brain PBPK model was built and validated using published paracetamol data
[7, 15]. Model simulations of plasma and CSF concentrations largely overlaid the observed
data and the ratios of the respective AUCs were within twofold difference (Fig 1, Table 1).
Building a healthy pediatric brain PBPK model using paracetamol
After inclusion of the age-related data, simulations of paracetamol concentrations were per-
formed for children aged between 3 months and 13 years. The pediatric model simulations
also largely overlaid with observed data (Fig 1). Ratios of simulated over observed plasma and
CSF AUCs were also within twofold difference (Table 1). An equivalent dose of approximately
15 mg/kg resulted in a CSF AUC0-6h that was 34% higher in children between 3 months and
13 years of age compared to adults. Because CSF production rate is possibly influenced by co-
medication, a sensitivity analysis was performed to investigate the effect of CSF production
rate on paracetamol concentration-time profiles [16]. Twofold differences in CSF production
had a significant impact on the paracetamol CSF profiles (Fig 2A and 2B), while leaving the
shape of the plasma concentration-time curves virtually unaffected (difference in AUC, Cmax
and Tmax <1% from original concentration-time profile).
Validation of the pediatric brain PBPK model using ibuprofen,
flurbiprofen and naproxen
To validate the physiological parameters included in the paracetamol model for children aged
between 3 months and 15 years, simulations were performed with another set of drugs that
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were not used to build the pediatric model, i.e. ibuprofen, flurbiprofen and naproxen. The
model predicted clinically observed data reasonably well, except for flurbiprofen for which
plasma volume of distribution seemed to be overestimated. For this drug a Kp scalar of 0.33
Fig 1. Simulations of paracetamol concentration-time profiles. Plasma and CSF concentration-time profiles of paracetamol after a single intravenous
dose of 1000 mg in adults (A, B) and (15 mg/kg) (C,D) in children. Solid black lines indicate simulation of median profiles, the grey area represents 90% CI
and dotted lines indicate the minimum and maximum simulation. Dots indicate measured data derived from clinical studies together with the reported S.
E.M (adult) or individual observations (pediatric). Log-transformed results are depicted in the right upper corners.
https://doi.org/10.1371/journal.pcbi.1007117.g001
Table 1. Ratio observed/predicted AUC for plasma and CSF drug concentrations.
Drug Population Plasma CSF
Paracetamol Adult 1.01 1.18
Paracetamol Paediatric 1.09 1.23
Ibuprofen (oral) Paediatric 0.94 1.05
Ibuprofen (IV) Paediatric 0.92 0.64
Flurbiprofen Paediatric 0.99 0.76
Naproxen Paediatric 1.07 0.99
Meropenem Adult 1.07 1.23
Meropenem Pediatric(sepsis) 1.66 1.73
Meropenem Pediatric(meningitis) 1.64 1.41
https://doi.org/10.1371/journal.pcbi.1007117.t001
Development of a pediatric brain PBPK model
PLOS Computational Biology | https://doi.org/10.1371/journal.pcbi.1007117 June 13, 2019 4 / 19
(i.e. Kp of every compartment multiplied by 0.33) was introduced to adjust volume of distribu-
tion such that simulations of plasma concentrations better correlated with observations (Fig
3). The difference between observed and simulated AUCs for both plasma and CSF were
within 2-fold (Table 1).
Meropenem permeability in the adult brain meningitis PBPK model
Drug-related parameters of meropenem were included in the adult model. No individual
doses were reported in the study of Lu et al., which was used for validation [17]. Therefore, an
intravenous dose of 1500 mg/8h was chosen for our virtual population, which was in the range
of the doses used by Lu et al. (1000 mg/8h, 1000 mg/6h, 2000 mg/8h). Simulations of plasma
concentration-time profiles matched well with observed data points. After optimizing perme-
ability in this model, a BBB permeability surface area product of 0.003 L/h (PS 0.0015 L/h for
BCSFB) together with a CV of 150% was found (Fig 4, Table 1).
Meropenem permeability in the pediatric brain meningitis PBPK model
The BBB/BCSFB permeability values estimated in the adult model were also used in the pediat-
ric model for children aged between 1 day and 3 months, after correction for brain weight.
This resulted in a<2 fold overlay between pediatric plasma and CSF concentrations both for
patients with meningitis and sepsis (Fig 5, Table 1).
Discussion
The pediatric brain PBPK model described here could predict CSF concentrations of the anal-
gesics paracetamol, ibuprofen and naproxen, and the antibiotic meropenem over a wide age
range. The CSF AUCs were simulated within 2-fold error of clinically observed values without
the need of changing system parameters of the compartments describing the healthy brain.
This shows that parameterization of these compartments was sufficiently robust to allow for
simulations of other drugs as well, and that the model could be useful in deriving mechanisti-
cally-informed dosing regimens for children.
Fig 2. The effect of CSF production rate on paracetamol CSF concentration-time profiles. The red lines indicate the simulations using the default CSF
production rate. The black lines indicate a twofold increase or reduction in CSF production rate, respectively. The grey lines indicate a fivefold increase or
reduction in CSF production rate, respectively.
https://doi.org/10.1371/journal.pcbi.1007117.g002
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Pharmacokinetic simulations were validated in relatively healthy children between 3
months and 15 years of age, which resulted in accurate AUC estimates (Table 1). In addition,
an attempt was made to perform simulations in children younger than 3 months, including
premature neonates, suffering from meningitis/sepsis. Although also in this case the simulated
AUCs were within 2-fold of observations, a trend towards an overestimation of plasma and
CSF levels could be observed (Table 1). It remains to be elucidated whether this is the result of
an influence of age and/or disease, or of the pharmacokinetic simulations in the validation
study, which were limited by the availability of only peak and through concentrations.
PBPK models are inherently complex, due to the many different drug-specific and (physio-
logical) system-specific parameters. Their robustness and reliability remain a challenge and
there is a clear need to validate model performance with sound experimental data. In this
study, most of the physiological processes could be incorporated in an age-appropriate man-
ner, however, due to absence of data, the relative flows between brain compartments expressed
as percentage of CSF production rate, were assumed to be the same as in adults.
Our pediatric brain model is structurally similar to that described by Gaohua et al. for an
adult population [8]. Recently, another pediatric brain PBPK model was developed to simulate
concentrations of morphine in brain extracellular fluid of traumatic brain injury patients, but
it was only validated with experimental data derived from six children [12]. Although this
model provides proof of principle for prediction of brain drug concentrations in children, the
pathophysiological changes associated with severe traumatic brain injury may have impacted
morphine disposition and hence extrapolation to other patient populations. Other models are
based on animal studies and, although they have been validated more extensively, translation
to the human situation remains difficult [18, 19].
Depending on the pathophysiological data available, the pediatric model described in this
study can be extended with different disease conditions. We simulated drug concentrations in
Fig 3. Simulations of pediatric concentration-time profiles for ibuprofen, flurbiprofen and naproxen. Simulations of oral ibuprofen (10 mg/kg in
suspected sepsis patients) (A,B), IV ibuprofen (10 mg/kg in surgery patients) (C,D), IV flurbiprofen (0.9 mg/kg in surgery patients) (E,F), and oral
naproxen (10 mg/kg in surgery patients) (G,H) concentration-time profiles. Solid black lines indicate simulation of median profiles, the grey area
represents 90% CI and dotted lines indicate the minimum and maximum simulation. Dots indicate measured data derived from clinical studies. Log-
transformed concentration-time data are depicted in the right upper corners (0 values were discarded).
https://doi.org/10.1371/journal.pcbi.1007117.g003
Fig 4. Simulations of adult concentration-time profiles for intravenous meropenem in meningitis patients. Simulations of adult plasma and CSF
concentration-time profiles (i.v. 1500 mg/8h) (A,B). Solid black lines indicate simulated median profiles, the grey area represents 90% CI and dotted lines
indicate the minimum and maximum simulation. Dots indicate measured data derived from clinical studies. Log-transformed results are depicted in the
left upper corners.
https://doi.org/10.1371/journal.pcbi.1007117.g004
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a population of children with meningitis and sepsis. Blood-brain barrier permeability has been
described to initially increase during meningitis, although at later times it will return to normal
values due to antibiotic-mediated recovery of patients [13]. Since quantitative data on mem-
brane permeability of meropenem were not available from literature, the brain permeability
parameter was obtained for the adult population by empirical optimization. The value we
derived this way (0.003 L/h) is in the same order of magnitude as intercompartmental clear-
ances that have been described in population PK models for adults and children (0.0017 and
0.0007 L/h, respectively) [17, 20]. This estimated permeability was subsequently applied in
simulations with the pediatric model, which is also in accordance with studies in which a cor-
relation between TNFα and blood-brain barrier damage was found, but not between TNFα
and age [21].
Simulated and measured maximum concentrations and AUCcsf/AUCserum ratios were
higher in patients suffering from sepsis/meningitis compared to relatively healthy individuals.
The highest measured concentration in the healthy population was 1.6 mg/L and the AUCcsf/
AUCserum ratio was 0.047[22]. In our simulations the upper bound of the 90% confidence
interval was around 5mg/L and AUCcsf/AUCserum ratios ranged from 0.09–0.12, indicating
that inflammation increased BBB permeability. In the studies of Lu et al. and Germovsek et al.
Fig 5. Simulations of pediatric concentration-time profiles for intravenous meropenem. Simulations of plasma and CSF for patients suffering from
sepsis (i.v. 20 mg/kg/8h) (A,B), or meningitis (i.v. 40 mg/kg/8h) (C,D). Solid black lines indicate simulated median profiles, the grey area represents 90%
CI and dotted lines indicate the minimum and maximum simulation. Dots indicate measured data derived from clinical studies. Log-transformed results
are depicted in the left upper corners.
https://doi.org/10.1371/journal.pcbi.1007117.g005
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that we used for validation, samples were taken at different moments after the start of dosing
and patients likely differed in disease severity, which might explain the large variability in BBB
and BCSFB permeability observed [17, 20]. Time-dependent effects on permeability could,
however, not be estimated from the available data. In septic children (without meningitis) the
same estimate on meropenem blood-brain barrier permeability resulted in an acceptable over-
lay between simulations and observed values, which can possibly be explained by a sepsis-
induced increase in BBB permeability [23].
In the current model, drugs were included for which carrier-mediated transport does not
play a major role in BBB and BCSFB. A next step will be to incorporate membrane transporters
in the model for relevant drug substrates. Data on quantitative proteomics of transporter
abundance in adults could form the bases for in vitro-in vivo extrapolation (IVIVE) of trans-
porter-mediated transport in an adult brain PBPK model [24, 25]. However, for pediatric pop-
ulations absolute protein expression of BBB/BCSFB transporters has not yet been quantified.
Immunohistochemistry studies indicate that expression may not be fully matured in young
children as has been described for the ABC transporter P-glycoprotein [26, 27]. Only for very
few other transporters information on human ontogeny is available [27].
A limitation of the current study is that data used for validation were obtained in children
over a broad age range, which could not be further stratified. Children were suffering from a
clinical condition and/or receiving co-medication that could have influenced the pharmacoki-
netic profiles. Next, CSF drug concentrations were used to validate the simulations and
although this is a relevant compartment for antibitiotics during meningitis, the parenchymal
extracellular or intracellular fluid is probably more important for other drugs, like analgesics.
Future research should be aimed at refining the model by dividing the brain into an intracellu-
lar and extracellular space and by expanding the CSF compartments, to better describe the
continuum between cranial and spinal CSF. This requires more clinical data on drug disposi-
tion in brain tissue and age-appropriate physiological parameters.
It has become more widely accepted that drug research should have an increased focus on
pediatric populations to improve safety and reduce off-label dosing [28]. Simple body weight-
based scaling ignores developmental processes as illustrated by the simulations in this study
with normalized paracetamol doses that did not result in equivalent CSF concentration-time
profiles. Modeling and simulation have been recognized as a way to make optimal use of exist-
ing data, which could result in more focused clinical trials in children. Moreover, in PBPK
modeling, parameters can be partly or completely estimated from in vitro or in silico studies,
further reducing the need for in vivo studies [29]. The ultimate goal of pediatric PBPK model-
ing would be to build models without making use of clinical data and although this might be
difficult due to the uncertainty in underlying physiological processes, it could provide guid-
ance for dose selection in first-in-child drug studies. Thereafter, clinical data can be used to
improve model performance in a “learn and confirm” cycle [30]. Several published models
have shown that it is possible to use a bottom-up in vitro-in vivo extrapolation (IVIVE)
approach for the estimation of rates of plasma absorption and elimination, which was not yet
incorporated in the current model. Linking the brain pediatric PBPK model developed in this
study to the existing IVIVE-based models could eventually provide the possibility to mechanis-
tically predict brain concentrations, which would facilitate dosing based on higher quality data
as compared to simply scaling from adult dosing regimens.
In conclusion, a mechanistic pediatric PBPK model was developed incorporating 4 differ-
ent brain compartments, which was used to simulate the plasma and CSF pharmacokinetics of
different drugs. The model can be valuable to predict CSF concentrations in cases where clini-
cal data in this compartment is restricted.
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Materials and methods
Approach
A five-step approach was used to build and validate the PBPK brain model for a pediatric pop-
ulation (Fig 6). These steps are briefly summarized below.
Step 1. Building of an adult PBPK brain model (paracetamol)
The adult PBPK brain model developed by Gaohua et al. was used as a template and para-
cetamol as model compound because it is not a substrate for drug transporter proteins
expressed in the blood-brain barrier (BBB) or blood CSF barrier (BCSFB) [8].
Step 2. Building of a pediatric PBPK brain model (paracetamol)
Physiological parameters in the adult model were changed to age-appropriate pediatric
parameters. Paracetamol was used to allow simulations in relatively healthy children.
Step 3. Validation of the pediatric PBPK brain model (ibuprofen, flurbiprofen, naproxen)
Physiological parameters included in the model were validated further by simulation of
plasma and CSF levels of ibuprofen, flurbiprofen and naproxen in relatively healthy children.
These drugs were chosen because they are no known substrates for BBB drug transporters, and
pediatric CSF concentrations were available in the literature.
Step 4. Building of an adult meningitis PBPK brain model (meropenem)
To the best of our knowledge, no mechanistic data is currently available quantifying the
influence of meningitis on brain drug permeability. The impact of meningitis on the passage
of meropenem across the BBB and BCSFB was therefore estimated in the adult brain PBPK
model (described below step 1) using empirical optimization.
Step 5. Building of a pediatric meningitis PBPK brain model (meropenem)
Meropenem BBB passage estimated in the adult meningitis PBPK model was incorporated
in a pediatric model to allow simulations for children with meningitis (combining steps 2, 3
and 4). Because children suffering from sepsis (without meningitis) were also included in the
clinical study used for validation, simulations were also done for this population.
Fig 6. Workflow used for the building and validation of the pediatric brain PBPK model.
https://doi.org/10.1371/journal.pcbi.1007117.g006
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At each step, the model was validated using published plasma and CSF concentration data,
as described below.
Step 1 Adult PBPK brain model
Plasma model. A PBPK model was coded in R software Version 1.1.442 and consisted of
14 compartments representing major organs and tissues (Fig 7). Average physiological param-
eter values and inter-individual variability were derived from literature [31], or values and
equations reported in the Simcyp simulator (Version 17 Release 1) [32–35]. As these are based
on weight, height, body surface area, sex and/or age-related equations, correlation between
parameters was partly accounted for, because variability in the original parameters is propa-
gated to the estimated/predicted parameter (e.g. a high body weight will on average result in
higher organ volumes). Residual parameter variability was assumed to be log-normally distrib-
uted. Organ partitioning coefficients were based on previous publications taking into account
both logP and ionization of compounds [36–38]. Plasma elimination from the model was
included using in vivo-measured clearance values reported in literature. Clearance were not
extrapolated from in vitro experiments, because in this way less robust plasma concentration-
time profiles would be generated, which would impede proper assessment of predicted CSF
concentrations. Because total body clearance in the adult model was not attributed to specific
organs or patient characteristics, only uncorrelated variability in clearance was included. This
was described in the adult model as:
Pi ¼ Ppop� eZZ ð1Þ
Fig 7. Schematic outline of the PBPK model including four brain compartments (modified from Gaohua et al.) [8]. Qsin and Qsout represent CSF
shuttle flow between cranial CSF and spinal CSF compartments. Qssink and Qcsink are the flows from CSF compartments to blood. Qbulk represents bulk
flow from brain mass to cranial CSF. PSB, PSC and PSE represent permeability surface area products between brain blood and brain mass, brain blood and
cranial CSF, and brain mass and cranial CSF, respectively. Subscripts lu, br, ad, bo, he, ki, mu, sk, li, re, gu, sp, ha denote lung, brain, adipose tissue, bone,
heart, kidney, muscle, skin, liver, rest tissue, gut, spleen and hepatic artery, respectively. CL is the total clearance from the model. IV is an intravenous dose
and oral is an oral dose route of administration.
https://doi.org/10.1371/journal.pcbi.1007117.g007
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where Pi is the parameter for an individual, Ppop is the population average, Z is the standard
normal variable, and η is the variance.
Brain model. The brain part of the model was connected to the plasma PBPK model as
described before and subdivided into 4 compartments, consisting of brain blood, brain mass,
cranial CSF and spinal CSF (Fig 7) [8]. The time-based differential equations used to describe
concentration changes in these brain compartments were as follows:
Vbb �
dCbb
dt
¼ Qbrain � Cbla   Cbbð Þ þ PSb � fubm � Cbm   fubb � Cbbð Þ
þ PSc fuccsf � Cccsf   fubb � Cbb
� �
þ Qssink � Cscsf þ Qcsink � Cccsf ð2Þ
Vbm
dCbm
dt
¼ PSb � fubb � Cbb   fubm � Cbmð Þ þ PSe � fuccsf � Cccsf   fubm � Cbm
� �
  Qbulk
� Cbm ð3Þ
Vccsf �
dCccsf
dt
¼ PSe � fubm � Cbm   fuccsf � Cccsf
� �
þ PSc � fubb � Cbb   fuccsf � Cccsf
� �
þ Qbulk
� Cbm þ Qsout � Cscsf   Qsin � Cccsf   Qcsink � Cccsf ð4Þ
Vscsf �
dCscsf
dt
¼ Qsin � Cccsf   Qsout � Cscsf   Qssink � Cscsf ð5Þ
Where Vbb, Vbm, Vccsf, Vscsf, fubm, fubb, fuccsf, fuscsf, Cbb, Cbm, Cccsf and Cscsf represent volumes,
unbound fractions and concentrations in brain blood, brain mass, cranial CSF and spinal CSF,
respectively. Qbrain denotes brain blood flow and Cbla denotes concentration in arterial blood.
Qsin and Qsout represent CSF shuttle flow between cranial CSF and spinal CSF compartments.
Qssink and Qcsink are the flows from CSF compartments to blood. Qbulk represents bulk flow
from brain mass to cranial CSF. PSb, PSc and PSe represent permeability surface area products
between brain blood and brain mass, brain blood and cranial CSF, and brain mass and cranial
CSF, respectively.
The following assumptions were made: (1) The BBB is a barrier between brain mass and
brain blood, and the BCSFB between cranial CSF and brain blood. The barrier separating
brain mass and cranial CSF is of high permeability. No barrier exists between cranial CSF and
spinal CSF. (2) Compartments are of constant volume and well-stirred. (3) Permeability sur-
face area products of the BCSFB are two-fold smaller than corresponding BBB values, as was
previously described [8, 11, 39]. (4) As drug metabolism was included as a total-body clear-
ance, a specific contribution of brain metabolism is assumed absent and drug entering the
brain mass compartment is returned into brain blood to preserve mass balance. (5) Trans-
porter-mediated transfer across barriers is considered negligible for the studied drugs, as they
are no known substrates for drug transporters expressed in BBB or BCSFB. Therefore, barrier
penetration is considered to occur by passive diffusion and described by permeability surface
area products [24].
(6) CSF production rate was multiplied by 2 in populations receiving spinal ketamine anes-
thesia, based on a two-fold increase that was observed in cats [16]. (7) A brain tissue binding
parameter was derived from literature or estimated using the prediction option incorporated
in Simcyp [32–35].
BBB permeability was estimated for each drug separately from rat carotid artery perfusion
data or cell-based passive permeability assays, and in the latter case scaled to in vivo values by
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using the equation:
PSbbb ¼ in vitro permeability� BBB surface ð6Þ
where in vitro permeability is expressed as dm/h, and BBB surface in dm2. A sensitivity analysis
was performed to investigate the effect of CSF production rate change on the drug concentra-
tion-time curve in the spinal CSF compartment.
Step 2 Pediatric PBPK brain model
Plasma model. To translate the adult model to a pediatric model estimates of height,
weight, body surface area, organ volumes, tissue blood flows, hematocrit and albumin concen-
trations were adjusted using previously reported equations from literature [31] or the pediatric
Simcyp simulator [32–34]. This resulted in an age-appropriate set of parameters for each simu-
lated patient. Child-specific tissue composition was also incorporated, which affects the predic-
tion of organ partitioning coefficients. Pediatric plasma clearances were not estimated by the
model, but derived from literature (S2 Table, partially also from the same studies used for vali-
dation of the brain PBPK model) and consisted of body weight-based relations. The age range
for the patients in these studies overlapped with that of the simulated patients almost
completely, to reduce unjustified extrapolation of clearance values across ages. For oral dosing
studies a rate constant (ka) and variability was derived from literature, and if this value was
unavailable an estimate was made by using the MechPeff model incorporated in Simcyp [32–
34]. Unexplained variability for clearance and absorption was incorporated using Eq 1 (previ-
ous section).
Brain model. The time-based differential equations and assumptions made in the adult
brain PBPK model were also applied to the pediatric model. In addition, physiological values
for brain parameters were derived from literature leading to the following considerations: (1)
Brain volume, brain blood flow, spinal CSF volume and CSF production rate were adjusted as
a function of age [31, 35, 40–43]. (2) Cranial CSF volume was not expected to further increase
after birth [35, 44]. (3) Relative CSF flows between compartments, expressed as percentage of
CSF production, were assumed to be similar to adult values. (4) Since BBB surface area per
gram of brain is similar for adults and children, total surface area was smaller in children
because of a lower brain mass compared to adults [31, 43, 45] (Table 2).
Step 3 Validation of pediatric brain PBPK model
To validate the physiological parameters included in the pediatric PBPK model, plasma and
CSF concentrations were simulated with different drugs not used to build the model, namely
ibuprofen, flurbiprofen, and naproxen using both adult and pediatric models. Only drug-spe-
cific parameters were adjusted to perform simulations for these drugs, of which brain penetra-
tion is like paracetamol known not to be affected by drug transporters.
Step 4 Incorporation of meningitis in the adult model
In case of meningitis, blood-brain barrier function is known to be impaired [47]. To have an
estimate on permeability of meropenem through the BBB the permeability surface area prod-
uct was empirically optimized in the adult meropenem model, both for the population average
and coefficient of variation. Effects of meningitis on plasma clearance was already incorpo-
rated in the plasma parameter derived from the study that was also used for validation of the
model [17]. In addition, effects of meningitis on free fraction and erythrocyte-plasma parti-
tioning coefficients were not incorporated, because differences in albumin concentrations and
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hematocrit levels were assumed to be of minor importance due to low protein binding and low
cell penetration of meropenem [48–51].
Step 5 Incorporation of meningitis in the pediatric model
The value for blood-brain barrier permeability estimated in the adult model was also used in
the pediatric model after correction for the difference in blood-brain barrier surface area. The
effect of meningitis on plasma clearance was already incorporated in the clearance parameter
derived from the NeoMero study, in which only patients were included suffering from sepsis
or meningitis [20]. Effects of meningitis on free fraction and erythrocyte-plasma partitioning
coefficients were not incorporated, as also for the pediatric population this was assumed to be
of minor importance (see previous section).
Table 2. Pediatric brain physiological parameters.
Volumes(L)a
Equation Description Notes Ref.
Vbrain total ¼ 10 �
ageþ0:315
9þ6:92�age
1:04
Brain volume [31]
Vbrain blood = 0.05 � Vbrain Brain blood volume [8, 35]
Vccsf = 0.143 Cranial CSF volume [35, 44]
Vscsf ¼
1:94�body weightþ0:13
1000
Limit Vscsf � 0:1430:8 � 0:2
Spinal CSF volume Spinal CSF volume capped at 20% of total CSF volume (same as in
adult)
[35, 40]
Vendothelial = Vbrain total � 0.005 Endothelial cell volume [35]
Vbrain mass = Vbrain total−Vendothelial−Vbrain
blood−Vccsf−Vscsf
Brain mass volume [35]
Fluid flow rates(L/h)
Equation Description Notes Ref.
Qcsfproductionrate(3m−18y) = 0.024
Qcsfproductionrateð<3mÞ ¼
4:007�logðageÞþ7:088
1000
CSF production rate If ketamine used in clinical study. Production rate multiplied by 2. [8, 35, 41,
42]
Qcsfproductionrate (CV%) = 10
Qbulk = 0.25�Qcsfproductionrate Bulk flow brain mass to
cranial CSF
Relative CSF flows (as part of Qcsfproductionrate) assumed to be the
same for adults and children.
[8, 35]
Qbulk (CV%) = 8 [8, 35]
Qsin = Qssink+Qsout Flow from cranial CSF to
spinal CSF
[8, 35]
Qsout = 0.9�Qssink Flow from spinal CSF to
cranial CSF
[8, 35]
Qsout (CV%) = 100 [8, 35]
Qcsink = 0.75 � Qcsfproductionrate+Qbulk−Qsin+Qsout Flow from cranial CSF to
brain blood
[8, 35]
Qssink = 0.38�(0.75�Qcsfproductionrate+Qbulk) Flow from spinal CSF to
brain blood
[8, 35]
Qssink (CV%) = 30 [8, 35]
Qbrain ¼ Qcarout �
10þ2290�ð10  0:608�age   10  0:639�ageÞ
100
Brain blood flow Cardiac output � fractional tissue flow [35]
BBB surface area (m2)
BBB ¼ BBBadult �
Vbrain total child
Vbrain total adult
BBB surface area [31, 43,
45]
a Tissue volumes were converted to liters. Adult organ densities reported in Abduljalil et al. [46] were used to convert equations predicting organ weight to organ
volumes if needed.
https://doi.org/10.1371/journal.pcbi.1007117.t002
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In vivo observations and model evaluation
Clinical studies describing concentration-time profiles of paracetamol in adults (step 1) and
paracetamol (step 2), ibuprofen, flurbiprofen and naproxen (step 3), in children, were used for
validation and extracted from original publications with WebPlotDigitizer version 4.1 [7, 15,
17, 20, 52–56]. As plasma and CSF samples were taken in the setting of clinical care, the major-
ity of data was derived from individuals having a clinical condition, however, except for
patients suffering from sepsis and/or meningitis, this was not expected to affect brain perme-
ability (Table 3). Studies included healthy adult volunteers (1 study [15]), adult nerve root
compression pain/arthritis patients (1 study [7]), pediatric surgery patients receiving spinal
anesthesia (4 studies [52–55]) and pediatric (suspected) sepsis patients (1 study [56]). For step
4 (adults) and step 5 (children) meropenem PK studies, all patients suffered from (suspected)
sepsis and/or meningitis (2 studies [17, 20]). In the study of Germovsek et al. concentrations
were described as ‘time after dose’ at steady state, which was expected to be reached after 24h
[57]. Because in this study meropenem CSF values for children suffering from sepsis (without
meningitis) were available, simulations were performed for this population as well.
Simulations were run for 1000 virtual individuals who were matched with the individuals
in the original studies for dosing regimen, age range, and percentage male/female. Simulations
of CSF concentration-time profiles were visualized for the spinal compartment as clinical mea-
surements were performed by lumbar puncture. Results were compared with observations
using visual predictive checks in which median, 5th percentile, 95th percentile, minimum, and
maximum values were overlaid with clinical observations derived from literature. Also, plasma
and CSF AUC0-last were calculated for median simulated data and for observed data using a
non-compartmental (linear trapezoidal) approach. A naïve pooling approach was used for the
population data because variability between subjects was expected to cancel out in the analysis.
Table 3. Characteristics of studies included for validation.
Study Drug Number of
patients
Co-medication Age(y) Indication CSF collection Percentage
male (%)
Singla et al., 2012
[15]
Paracetamol 7 - 19–44 Healthy Spinal catheter 100
Bannwarth et al.,
1992 [7]
Propacetamol (similar
to 50% dose of
paracetamol)
[58]
43 - 31–73 Nerve-root
compression
pain
Diagnostic lumbar
puncture
56
Kumpulainen
et al., 2007 [52]
Paracetamol 32 Midazolam, ketamine,
propofol, thiopental
0.25–13 Elective surgery Lumbar puncture for
spinal anesthesia
59
Va¨litalo et al.,
2012 [53]
Naproxen 53 Midazolam, ketamine,
propofol, thiopental
0.25–12 Surgery lower
part body
Lumbar puncture for
spinal anesthesia
74
Kumpulainen
et al., 2010 [54]
Flurbiprofen 27 Midazolam, ketamine,
propofol, thiopental,
paracetamol, ketoprofen,
fentanyl
0.25–13 Surgery lower
part body
Lumbar puncture for
spinal anesthesia
78
Kokki et al., 2007
[55]
Ibuprofen 36 Midazolam, ketamine 0.25–12 Surgery Lumbar puncture for
spinal anesthesia
69
Har-Even et al.,
2014 [56]
Ibuprofen 28 - 0.42–15 Suspected sepsis Lumbar puncture for sepsis
assessment
64
Lu et al., 2016
[17]
Meropenem 82 -
not reported
17–77 Meningitis Lumbar drainage 61
Germovsek et al.,
2018 [20]
Meropenem 167 -
not reported
0.0027–
0.25
Sepsis/
Meningitis
Opportunistic lumbar
puncture for sepsis/
meningitis assessment
53
https://doi.org/10.1371/journal.pcbi.1007117.t003
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In case of two observations at the same time, the average was used. AUCs were compared
between simulated data and observed data according to:
fold error ¼
observed AUC
predicted AUC
ð7Þ
and model simulations were considered acceptable if the ratio was within two-fold difference
[59]. Only plasma peak and through levels were available for the pediatric population receiving
meropenem and few high CSF values largely influenced AUC. This means that requirements
for the use of the naïve pooling approach are not met [60]. In contrast, AUC was for this study
calculated below the simulated concentration time profile reported.
Supporting information
S1 File. Rstudio code.
(R)
S1 Table. Physiological parameters.
(PDF)
S2 Table. Drug-related parameters.
(PDF)
Author Contributions
Conceptualization: Laurens F. M. Verscheijden, Jan B. Koenderink, Saskia N. de Wildt, Frans
G. M. Russel.
Data curation: Laurens F. M. Verscheijden.
Formal analysis: Laurens F. M. Verscheijden.
Supervision: Jan B. Koenderink, Saskia N. de Wildt, Frans G. M. Russel.
Validation: Laurens F. M. Verscheijden.
Visualization: Laurens F. M. Verscheijden.
Writing – original draft: Laurens F. M. Verscheijden, Saskia N. de Wildt, Frans G. M. Russel.
Writing – review & editing: Jan B. Koenderink, Saskia N. de Wildt, Frans G. M. Russel.
References
1. Johnson TN. The problems in scaling adult drug doses to children. Arch Dis Child. 2008; 93(3):207–11.
Epub 2007/03/17. https://doi.org/10.1136/adc.2006.114835 PMID: 17363397.
2. Templeton IE, Jones NS, Musib L. Pediatric Dose Selection and Utility of PBPK in Determining Dose.
AAPS J. 2018; 20(2):31. Epub 2018/02/15. https://doi.org/10.1208/s12248-018-0187-8 PMID:
29441439.
3. Lu J, Goldsmith MR, Grulke CM, Chang DT, Brooks RD, Leonard JA, et al. Developing a Physiologi-
cally-Based Pharmacokinetic Model Knowledgebase in Support of Provisional Model Construction.
PLoS Comput Biol. 2016; 12(2):e1004495. Epub 2016/02/13. https://doi.org/10.1371/journal.pcbi.
1004495 PMID: 26871706; PubMed Central PMCID: PMCPMC4752336.
4. Jamei M. Recent Advances in Development and Application of Physiologically-Based Pharmacokinetic
(PBPK) Models: a Transition from Academic Curiosity to Regulatory Acceptance. Curr Pharmacol Rep.
2016; 2:161–9. https://doi.org/10.1007/s40495-016-0059-9 PMID: 27226953; PubMed Central PMCID:
PMCPMC4856711.
Development of a pediatric brain PBPK model
PLOS Computational Biology | https://doi.org/10.1371/journal.pcbi.1007117 June 13, 2019 16 / 19
5. Kim A, McCully C, Cruz R, Cole DE, Fox E, Balis FM, et al. The plasma and cerebrospinal fluid pharma-
cokinetics of sorafenib after intravenous administration in non-human primates. Invest New Drugs.
2012; 30(2):524–8. https://doi.org/10.1007/s10637-010-9585-1 PMID: 21072558.
6. Hain RD, Hardcastle A, Pinkerton CR, Aherne GW. Morphine and morphine-6-glucuronide in the
plasma and cerebrospinal fluid of children. Br J Clin Pharmacol. 1999; 48(1):37–42. https://doi.org/10.
1046/j.1365-2125.1999.00948.x PMID: 10383558; PubMed Central PMCID: PMCPMC2014881.
7. Bannwarth B, Netter P, Lapicque F, Gillet P, Pere P, Boccard E, et al. Plasma and Cerebrospinal-Fluid
Concentrations of Paracetamol after a Single Intravenous Dose of Propacetamol. Brit J Clin Pharmaco.
1992; 34(1):79–81. https://doi.org/10.1111/j.1365-2125.1992.tb04112.x WOS:A1992JC22000013.
8. Gaohua L, Neuhoff S, Johnson TN, Rostami-Hodjegan A, Jamei M. Development of a permeability-lim-
ited model of the human brain and cerebrospinal fluid (CSF) to integrate known physiological and bio-
logical knowledge: Estimating time varying CSF drug concentrations and their variability using in vitro
data. Drug Metab Pharmacokinet. 2016; 31(3):224–33. https://doi.org/10.1016/j.dmpk.2016.03.005
PMID: 27236639.
9. Yamamoto Y, Valitalo PA, van den Berg DJ, Hartman R, van den Brink W, Wong YC, et al. A Generic
Multi-Compartmental CNS Distribution Model Structure for 9 Drugs Allows Prediction of Human Brain
Target Site Concentrations. Pharm Res. 2017; 34(2):333–51. https://doi.org/10.1007/s11095-016-
2065-3 PMID: 27864744; PubMed Central PMCID: PMCPMC5236087.
10. Yamamoto Y, Valitalo PA, Huntjens DR, Proost JH, Vermeulen A, Krauwinkel W, et al. Predicting Drug
Concentration-Time Profiles in Multiple CNS Compartments Using a Comprehensive Physiologically-
Based Pharmacokinetic Model. CPT Pharmacometrics Syst Pharmacol. 2017; 6(11):765–77. https://
doi.org/10.1002/psp4.12250 PMID: 28891201; PubMed Central PMCID: PMCPMC5702903.
11. Yamamoto Y, Valitalo PA, Wong YC, Huntjens DR, Proost JH, Vermeulen A, et al. Prediction of human
CNS pharmacokinetics using a physiologically-based pharmacokinetic modeling approach. Eur J
Pharm Sci. 2018; 112:168–79. https://doi.org/10.1016/j.ejps.2017.11.011 PMID: 29133240.
12. Ketharanathan N, Yamamoto Y, Rohlwink UK, Wildschut E, Mathot RAA, de Lange ECM, et al. Combin-
ing brain microdialysis and translational pharmacokinetic modeling to predict drug concentrations in
pediatric severe traumatic brain injury: the next step towards evidence-based pharmacotherapy? J Neu-
rotrauma. 2018. https://doi.org/10.1089/neu.2017.5588 PMID: 30019622.
13. Nau R, Sorgel F, Eiffert H. Penetration of drugs through the blood-cerebrospinal fluid/blood-brain barrier
for treatment of central nervous system infections. Clin Microbiol Rev. 2010; 23(4):858–83. https://doi.
org/10.1128/CMR.00007-10 PMID: 20930076; PubMed Central PMCID: PMCPMC2952976.
14. Kim KS. Acute bacterial meningitis in infants and children. Lancet Infect Dis. 2010; 10(1):32–42. https://
doi.org/10.1016/S1473-3099(09)70306-8 PMID: 20129147.
15. Singla NK, Parulan C, Samson R, Hutchinson J, Bushnell R, Beja EG, et al. Plasma and Cerebrospinal
Fluid Pharmacokinetic Parameters After Single-Dose Administration of Intravenous, Oral, or Rectal
Acetaminophen. Pain Pract. 2012; 12(7):523–32. https://doi.org/10.1111/j.1533-2500.2012.00556.x
WOS:000308540000005. PMID: 22524979
16. Wood JH. Neurobiology of Cerebrospinal Fluid 1 1st ed. Philadelphia: University of Pennsylvania
Press1980.
17. Lu C, Zhang Y, Chen M, Zhong P, Chen Y, Yu J, et al. Population Pharmacokinetics and Dosing Regi-
men Optimization of Meropenem in Cerebrospinal Fluid and Plasma in Patients with Meningitis after
Neurosurgery. Antimicrob Agents Chemother. 2016; 60(11):6619–25. https://doi.org/10.1128/AAC.
00997-16 PMID: 27572392; PubMed Central PMCID: PMCPMC5075067.
18. Ball K, Bouzom F, Scherrmann JM, Walther B, Decleves X. A physiologically based modeling strategy
during preclinical CNS drug development. Mol Pharm. 2014; 11(3):836–48. https://doi.org/10.1021/
mp400533q PMID: 24446829.
19. Ball K, Bouzom F, Scherrmann JM, Walther B, Decleves X. Physiologically based pharmacokinetic
modelling of drug penetration across the blood-brain barrier—towards a mechanistic IVIVE-based
approach. AAPS J. 2013; 15(4):913–32. https://doi.org/10.1208/s12248-013-9496-0 PMID: 23784110;
PubMed Central PMCID: PMCPMC3787211.
20. Germovsek E, Lutsar I, Kipper K, Karlsson MO, Planche T, Chazallon C, et al. Plasma and CSF phar-
macokinetics of meropenem in neonates and young infants: results from the NeoMero studies. J Antimi-
crob Chemother. 2018. https://doi.org/10.1093/jac/dky128 PMID: 29684147.
21. Sharief MK, Ciardi M, Thompson EJ. Blood-brain barrier damage in patients with bacterial meningitis:
association with tumor necrosis factor-alpha but not interleukin-1 beta. J Infect Dis. 1992; 166(2):350–8.
https://doi.org/10.1093/infdis/166.2.350 PMID: 1634806.
22. Nau R, Lassek C, Kinzig-Schippers M, Thiel A, Prange HW, Sorgel F. Disposition and elimination of
meropenem in cerebrospinal fluid of hydrocephalic patients with external ventriculostomy. Antimicrob
Development of a pediatric brain PBPK model
PLOS Computational Biology | https://doi.org/10.1371/journal.pcbi.1007117 June 13, 2019 17 / 19
Agents Chemother. 1998; 42(8):2012–6. Epub 1998/08/04. PMID: 9687399; PubMed Central PMCID:
PMCPMC105725.
23. Kuperberg SJ, Wadgaonkar R. Sepsis-Associated Encephalopathy: The Blood-Brain Barrier and the
Sphingolipid Rheostat. Front Immunol. 2017; 8:597. https://doi.org/10.3389/fimmu.2017.00597 PMID:
28670310; PubMed Central PMCID: PMCPMC5472697.
24. Uchida Y, Ohtsuki S, Katsukura Y, Ikeda C, Suzuki T, Kamiie J, et al. Quantitative targeted absolute
proteomics of human blood-brain barrier transporters and receptors. J Neurochem. 2011; 117(2):333–
45. https://doi.org/10.1111/j.1471-4159.2011.07208.x PMID: 21291474.
25. Li J, Wu J, Bao X, Honea N, Xie Y, Kim S, et al. Quantitative and Mechanistic Understanding of
AZD1775 Penetration across Human Blood-Brain Barrier in Glioblastoma Patients Using an IVIVE-
PBPK Modeling Approach. Clin Cancer Res. 2017; 23(24):7454–66. Epub 2017/09/21. https://doi.org/
10.1158/1078-0432.CCR-17-0983 PMID: 28928160; PubMed Central PMCID: PMCPMC6097184.
26. Lam J, Baello S, Iqbal M, Kelly LE, Shannon PT, Chitayat D, et al. The ontogeny of P-glycoprotein in the
developing human blood-brain barrier: implication for opioid toxicity in neonates. Pediatr Res. 2015; 78
(4):417–21. https://doi.org/10.1038/pr.2015.119 PMID: 26086643.
27. Daood M, Tsai C, Ahdab-Barmada M, Watchko JF. ABC transporter (P-gp/ABCB1, MRP1/ABCC1,
BCRP/ABCG2) expression in the developing human CNS. Neuropediatrics. 2008; 39(4):211–8. https://
doi.org/10.1055/s-0028-1103272 PMID: 19165709; PubMed Central PMCID: PMCPMC2821654.
28. Frattarelli DA, Galinkin JL, Green TP, Johnson TD, Neville KA, Paul IM, et al. Off-label use of drugs in
children. Pediatrics. 2014; 133(3):563–7. https://doi.org/10.1542/peds.2013-4060 PMID: 24567009.
29. Barrett JS, Della Casa Alberighi O, Laer S, Meibohm B. Physiologically based pharmacokinetic (PBPK)
modeling in children. Clin Pharmacol Ther. 2012; 92(1):40–9. https://doi.org/10.1038/clpt.2012.64
PMID: 22669290.
30. Rostami-Hodjegan A. Physiologically based pharmacokinetics joined with in vitro-in vivo extrapolation
of ADME: a marriage under the arch of systems pharmacology. Clin Pharmacol Ther. 2012; 92(1):50–
61. Epub 2012/05/31. https://doi.org/10.1038/clpt.2012.65 PMID: 22644330.
31. Price PS, Conolly RB, Chaisson CF, Gross EA, Young JS, Mathis ET, et al. Modeling interindividual var-
iation in physiological factors used in PBPK models of humans. Crit Rev Toxicol. 2003; 33(5):469–503.
PMID: 14594104.
32. Jamei M, Dickinson GL, Rostami-Hodjegan A. A framework for assessing inter-individual variability in
pharmacokinetics using virtual human populations and integrating general knowledge of physical chem-
istry, biology, anatomy, physiology and genetics: A tale of ’bottom-up’ vs ’top-down’ recognition of
covariates. Drug Metab Pharmacokinet. 2009; 24(1):53–75. Epub 2009/03/03. PMID: 19252336.
33. Jamei M, Marciniak S, Edwards D, Wragg K, Feng K, Barnett A, et al. The simcyp population based sim-
ulator: architecture, implementation, and quality assurance. In Silico Pharmacol. 2013; 1:9. Epub 2013/
01/01. https://doi.org/10.1186/2193-9616-1-9 PMID: 25505654; PubMed Central PMCID:
PMCPMC4230310.
34. Jamei M, Marciniak S, Feng K, Barnett A, Tucker G, Rostami-Hodjegan A. The Simcyp population-
based ADME simulator. Expert Opin Drug Metab Toxicol. 2009; 5(2):211–23. Epub 2009/02/10. https://
doi.org/10.1517/17425250802691074 PMID: 19199378.
35. Simcyp. 17.0.90.0 ed. available from: https://www.certara.com/.
36. Rodgers T, Leahy D, Rowland M. Physiologically based pharmacokinetic modeling 1: predicting the tis-
sue distribution of moderate-to-strong bases. J Pharm Sci. 2005; 94(6):1259–76. https://doi.org/10.
1002/jps.20322 PMID: 15858854.
37. Rodgers T, Rowland M. Physiologically based pharmacokinetic modelling 2: predicting the tissue distri-
bution of acids, very weak bases, neutrals and zwitterions. J Pharm Sci. 2006; 95(6):1238–57. https://
doi.org/10.1002/jps.20502 PMID: 16639716.
38. Rodgers T, Rowland M. Mechanistic approaches to volume of distribution predictions: understanding
the processes. Pharm Res. 2007; 24(5):918–33. https://doi.org/10.1007/s11095-006-9210-3 PMID:
17372687.
39. Skipor J, Thiery JC. The choroid plexus—cerebrospinal fluid system: undervaluated pathway of neuro-
endocrine signaling into the brain. Acta Neurobiol Exp (Wars). 2008; 68(3):414–28. PMID: 18668165.
40. Rochette A, Malenfant Rancourt MP, Sola C, Prodhomme O, Saguintaah M, Schaub R, et al. Cerebro-
spinal fluid volume in neonates undergoing spinal anaesthesia: a descriptive magnetic resonance imag-
ing study. Br J Anaesth. 2016; 117(2):214–9. https://doi.org/10.1093/bja/aew185 PMID: 27440633.
41. Blomquist HK, Sundin S, Ekstedt J. Cerebrospinal fluid hydrodynamic studies in children. J Neurol Neu-
rosurg Psychiatry. 1986; 49(5):536–48. https://doi.org/10.1136/jnnp.49.5.536 PubMed Central PMCID:
PMCPMC1028808. PMID: 3711916
Development of a pediatric brain PBPK model
PLOS Computational Biology | https://doi.org/10.1371/journal.pcbi.1007117 June 13, 2019 18 / 19
42. Yasuda T, Tomita T, McLone DG, Donovan M. Measurement of cerebrospinal fluid output through
external ventricular drainage in one hundred infants and children: correlation with cerebrospinal fluid
production. Pediatr Neurosurg. 2002; 36(1):22–8. https://doi.org/10.1159/000048344 PMID: 11818742.
43. Dekaban AS. Changes in brain weights during the span of human life: relation of brain weights to body
heights and body weights. Ann Neurol. 1978; 4(4):345–56. https://doi.org/10.1002/ana.410040410
PMID: 727739.
44. Andescavage NN, DuPlessis A, McCarter R, Vezina G, Robertson R, Limperopoulos C. Cerebrospinal
Fluid and Parenchymal Brain Development and Growth in the Healthy Fetus. Dev Neurosci. 2016; 38
(6):420–9. https://doi.org/10.1159/000456711 PMID: 28315866.
45. Ballabh P, Braun A, Nedergaard M. Anatomic analysis of blood vessels in germinal matrix, cerebral cor-
tex, and white matter in developing infants. Pediatr Res. 2004; 56(1):117–24. https://doi.org/10.1203/
01.PDR.0000130472.30874.FF PMID: 15128918.
46. Abduljalil K, Jamei M, Johnson TN. Fetal Physiologically Based Pharmacokinetic Models: Systems
Information on the Growth and Composition of Fetal Organs. Clin Pharmacokinet. 2018. https://doi.org/
10.1007/s40262-018-0685-y PMID: 29987449.
47. Weiss N, Miller F, Cazaubon S, Couraud PO. The blood-brain barrier in brain homeostasis and neuro-
logical diseases. Biochim Biophys Acta. 2009; 1788(4):842–57. https://doi.org/10.1016/j.bbamem.
2008.10.022 PMID: 19061857.
48. Craig WA. The pharmacology of meropenem, a new carbapenem antibiotic. Clin Infect Dis. 1997; 24
Suppl 2:S266–75. https://doi.org/10.1093/clinids/24.supplement_2.s266 PMID: 9126702.
49. Nicolau DP. Pharmacokinetic and pharmacodynamic properties of meropenem. Clin Infect Dis. 2008;
47 Suppl 1:S32–40. https://doi.org/10.1086/590064 PMID: 18713048.
50. Nicholson JP, Wolmarans MR, Park GR. The role of albumin in critical illness. Br J Anaesth. 2000; 85
(4):599–610. https://doi.org/10.1093/bja/85.4.599 PMID: 11064620.
51. Radke C, Horn D, Lanckohr C, Ellger B, Meyer M, Eissing T, et al. Development of a Physiologically
Based Pharmacokinetic Modelling Approach to Predict the Pharmacokinetics of Vancomycin in Criti-
cally Ill Septic Patients. Clin Pharmacokinet. 2017; 56(7):759–79. https://doi.org/10.1007/s40262-016-
0475-3 PMID: 28039606.
52. Kumpulainen E, Kokki H, Halonen T, Heikkinen M, Savolainen J, Laisalmi M. Paracetamol (acetamino-
phen) penetrates readily into the cerebrospinal fluid of children after intravenous administration. Pediat-
rics. 2007; 119(4):766–71. https://doi.org/10.1542/peds.2006-3378 WOS:000245406200039. PMID:
17403848
53. Valitalo P, Kumpulainen E, Manner M, Kokki M, Lehtonen M, Hooker AC, et al. Plasma and Cerebrospi-
nal Fluid Pharmacokinetics of Naproxen in Children. Journal of Clinical Pharmacology. 2012; 52
(10):1516–26. https://doi.org/10.1177/0091270011418658 WOS:000308763200006. PMID: 22067196
54. Kumpulainen E, Valitalo P, Kokki M, Lehtonen M, Hooker A, Ranta VP, et al. Plasma and cerebrospinal
fluid pharmacokinetics of flurbiprofen in children. Br J Clin Pharmacol. 2010; 70(4):557–66. https://doi.
org/10.1111/j.1365-2125.2010.03720.x PMID: 20840447; PubMed Central PMCID:
PMCPMC2950990.
55. Kokki H, Kumpulainen E, Lehtonen M, Laisalmi M, Heikkinen M, Savolainen J, et al. Cerebrospinal fluid
distribution of ibuprofen after intravenous administration in children. Pediatrics. 2007; 120(4):E1002–
E8. https://doi.org/10.1542/peds.2007-0064 WOS:000249870000079. PMID: 17908721
56. Har-Even R, Stepensky D, Britzi M, Soback S, Bar Chaim A, Brandriss N, et al. Plasma and cerebrospi-
nal fluid concentrations of ibuprofen in pediatric patients and antipyretic effect: Pharmacokinetic-phar-
macodynamic modeling analysis. Journal of Clinical Pharmacology. 2014; 54(9):1023–30. https://doi.
org/10.1002/jcph.307 WOS:000340447400008. PMID: 24733245
57. Moon YS, Chung KC, Gill MA. Pharmacokinetics of meropenem in animals, healthy volunteers, and
patients. Clin Infect Dis. 1997; 24 Suppl 2:S249–55. Epub 1997/02/01. https://doi.org/10.1093/clinids/
24.supplement_2.s249 PMID: 9126700.
58. Flouvat B, Leneveu A, Fitoussi S, Delhotal-Landes B, Gendron A. Bioequivalence study comparing a
new paracetamol solution for injection and propacetamol after single intravenous infusion in healthy
subjects. Int J Clin Pharmacol Ther. 2004; 42(1):50–7. Epub 2004/02/06. PMID: 14756388.
59. Sager JE, Yu J, Ragueneau-Majlessi I, Isoherranen N. Physiologically Based Pharmacokinetic (PBPK)
Modeling and Simulation Approaches: A Systematic Review of Published Models, Applications, and
Model Verification. Drug Metab Dispos. 2015; 43(11):1823–37. Epub 2015/08/25. https://doi.org/10.
1124/dmd.115.065920 PMID: 26296709; PubMed Central PMCID: PMCPMC4613950.
60. Mahmood I. Naive pooled-data approach for pharmacokinetic studies in pediatrics with a very small
sample size. Am J Ther. 2014; 21(4):269–74. Epub 2012/06/21. https://doi.org/10.1097/MJT.
0b013e31824ddee3 PMID: 22713529.
Development of a pediatric brain PBPK model
PLOS Computational Biology | https://doi.org/10.1371/journal.pcbi.1007117 June 13, 2019 19 / 19
